


2Choosing comparables is a judgment 
call — not a query

Transfer Pricing benchmarking studies vary greatly – analyses 
are complex, they require high degree of attention, consistency 
and transparency.

The query is the easy part. The hardest is the qualitative review: 

dozens of acceptance / rejection reasons for individual 

companies.

Criteria: Independence · functional match to the tested party 

(from the business description, not just NACE code) · active with 

usable financials.

Everything is a judgment call: slow, interpretation-dependent, 
and reasonable analysts disagree.
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Too brief

The rejection record might have just a 
short reason — a brief category like an 
activity or functional mismatch — with 
little explanation behind it.

Inconsistency

The same analyst differs Friday vs Monday; 
two analysts differ from each other. The 
matrix records the decisions, but not in a 
form that shows how consistent the 
reasoning was, so it is unmeasurable.

Limited resources

Challenging a study can take almost as 
much effort as building it — and reviewers 
have limited time and resources.

Where mistakes and inconsistencies slip through

Takeaway: the manual process quietly rewards hidden reasoning — the less you can see how a 
decision was made, the harder it is to check.

A real study does leave some record — the search steps and a short note on why each company was dropped. But that record is thin
and uneven. It is short on detail, it changes from case to case, and it is weakest on the hardest decisions — the companies that could 
reasonably be accepted or rejected. That is how mistakes and inconsistency slip through.
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The naive approach — hand the model the whole task, get a 
finished set in one shot — is useless for regulated work: you 
cannot inspect it, and it may not reproduce.

What it does instead: the same fixed checklist of small decisions, 

in the same order, for every candidate — with evidence attached 

at each step.

As a daily user (not the engineer): the behavior is structured and 

repeatable, and I can see every step.

What makes the AI usable here: 
structure, not magic

The principle, plainly: Whenever AI contributes to a regulated 
decision, it must be constrained, inspectable, and reproducible.

Not a TP rule — a data-governance rule. 



Independent?  (ownership criterion)

yes ↓

Active + usable financials for the period?

yes ↓

Functional match to tested party?  (description, not just 
NACE)

yes ↓

Free of related-party dependence or unusual events?

yes ↓

ACCEPT  — rationale + 
evidence recorded

REJECT — fails any test 

Starts from a plain-language instruction → structured search → the tree judges each candidate.
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The decision tree (centerpiece)

Same brevity, different quality

A sentence or two per company — like a careful 
analyst writes. 

The difference is the sentence is uniform across 
every company, carries the evidence it relied on, 
covers accepts as well as rejects, and is 
reproducible. 

High level of detail provides the auditor a clear 
decision trail and transparency.
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Behind the scenes
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The honest part: consistency you can 
measure but with a challenge

The challenge: same borderline company, run 
three times

ACCEPT ACCEPT REJECT

Hand the same company to two experienced 
analysts and they disagree too. The variance 
was never introduced by the AI — it always lived 
in human review. We just never measured it.

71%

You can quantify how borderline a case is, see which 

are stable vs knife-edge, and treat them differently. 

Consistency = the same criteria applied the same way, 

with the residual variance visible and reportable —

not a human reviewer's invisible variance.

71% accepted across 100 runs  
(illustrative)

You can quantify how borderline a case 
is, see which are stable vs knife-edge, and 
treat them differently. 

Consistency = the same criteria applied 
the same way, with the residual variance 
visible and reportable — not a human 
reviewer's invisible variance.

AI enables measurement
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An Example from development process
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Fewer mistakes, by 
construction

The same checks run on every 
company and each is logged —
the silent errors of manual 
review get caught 
systematically, not by luck.

Faster, more 
consistent review

A reviewer reads the reasoning 
per company and re-runs the 
prompt. Review shifts from 
reconstruction toward 
verification.

Documentation as a 
by-product 

The reasoning and evidence are 
recorded as the work is done —
the documentation is created 
automatically, not written up 
afterwards.

AI helps — but only with the right structure

Takeaway: Same judgment calls as today — but consistent and evidence-backed.
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